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ABSTRACT 

 

The cognitive load theory, predominant in educational psychology, is gaining prominence in consumer decision-

making studies. This study extends cognitive load dimensions to measure consumer perception of platform language 

and examine its influence on consumer satisfaction and subsequent decision-making across three studies. In Study 1, 

a between-subjects experiment found higher intrinsic and extraneous cognitive loads in consumers using a secondary 

language platform, but lower germane cognitive load compared to those using their native language. Study 2, a within-

subjects experiment, reinforced these findings and showed higher satisfaction and repurchase intentions when using 

the native language platform. Study 3 utilized structural equation modeling to examine the relationship between 

platform language perception, cognitive loads, satisfaction, and repurchase intentions. Results indicated that intrinsic 

and extraneous cognitive loads negatively impacted consumer satisfaction and repurchase decisions, while germane 

cognitive load had a positive influence. These findings highlight the importance of optimizing cognitive load from the 

consumer perception of platform language to enhance consumer satisfaction and loyalty on e-commerce platforms. 

 

Keywords: Repurchase intention; Consumer perception of platform language; Consumer satisfaction; Cognitive load 

theory; Cognitive load. 

 

1. Introduction 

International consumers living or shopping from different countries have become one of the most important 

segments in the domestic retail market. Post-coronavirus (COVID-19), a tremendous increase in business, education, 

and tourism among foreigners in other countries is expected. While living in these countries, these international 

consumers contribute to the consumption scale in the country’s retail market by shopping for both hedonic and 

utilitarian value goods. In particular, with the development of e-commerce, international consumers have become a 
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fast-growing force in online shopping. In this context, finding effective ways to serve this particular segment of 

consumers to retain them has become an essential issue for e-commerce platforms.  

E-commerce platforms struggle to retain customers who frequently switch between retailers and platforms (Gupta 

& Kim, 2007; Jain et al., 2020; Trivedi & Yadav, 2020), although such platforms have largely been accepted, 

especially since the outbreak of the novel COVID-19 (Abumalloh et al., 2020; Meilatinova, 2021). As such, 

researchers advise retailers and platform owners to focus more on maintaining their existing customers than getting 

new ones (Yeo et al., 2021). For this reason, studies have highlighted several factors that influence consumers’ 

decision to repurchase from an online platform (Dogra et al., 2023; Javed & Wu, 2020; Lin et al., 2021) because being 

aware of these factors helps retailers improve their customer trust and satisfaction, which increases their customer 

retention (Javed & Wu, 2020; Trivedi & Yadav, 2020). Among those factors, language plays a critical role in the 

operation and user experience of e-commerce platforms, particularly in diverse linguistic environments (Hu & Ma, 

2023; Lin et al., 2024). Despite the availability of online translation tools and artificial intelligence (AI) enhancements 

that aim to mitigate language barriers, the cognitive implications for consumers remain underexplored (Meilatinova, 

2021). The cognitive load theory provides a valuable framework for examining how language barriers on e-commerce 

platforms influence consumer behaviour. Cognitive load theory addresses how different factors affect our mental 

processing capacity. It considers the inherent difficulty of a task, the impact of how information is presented, and the 

mental effort devoted to understanding and integrating the information. Cognitive load theory differentiates between 

three types of cognitive load: intrinsic, extraneous, and germane (Sweller, 1994). These dimensions collectively offer 

a comprehensive method for assessing consumer perception of platform language ease of use and its effect on 

consumer decision-making. However, there has not been any research that measures the consumer perception of 

platform language from dimensions provided by cognitive load theory.  

This study aims to bridge the gap in the literature by applying cognitive load theory to investigate how consumers 

perceive platform language and how this perception influences their satisfaction and repurchase intentions. 

Specifically, we seek to answer: How does the perception of platform language affect consumers' cognitive load? 

Does this cognitive load impact their satisfaction and overall decision to repurchase from the platform? We conducted 

three separate studies to explore these questions in this paper. The first study employed a between-subjects experiment 

to examine changes in cognitive load with different language types. The second study utilized a within-subjects 

laboratory experiment to validate the findings of the first study. Lastly, a structural model analysis was performed to 

assess how consumer perception of platform language, measured through the three dimensions of cognitive load, 

affects consumer satisfaction and repurchase intentions. This study not only applies cognitive load theory to the 

context of multilingual e-commerce platforms but also provides a comparative analysis of cognitive load differences 

when consumers use platforms in their native language versus a secondary language. 

The remainder of this paper is structured as follows: First, we present the theoretical foundation and empirical 

literature that inform the study, accompanied by the development of the corresponding hypotheses. Next, we introduce 

the conceptual framework that guides the research, outlining the relationships between platform language, cognitive 

load (intrinsic, extraneous, and germane), consumer satisfaction, and repurchase intentions. Following this, we offer 

a detailed overview of the three studies conducted within this research. We then describe the measurement and 

structural models used to analyze the data. The results are presented next, providing insights into the relationships 

between platform language, cognitive load, consumer satisfaction, and repurchase intention. This is followed by a 

discussion of the key findings, highlighting the theoretical contributions. The manuscript concludes with the 

managerial implications of the findings and addresses the limitations of the research. 

 

2. Theoretical Review and Hypotheses 

2.1. Cognitive Load Theory 

Cognitive load theory, formulated by Sweller (1994), provides a pivotal framework for understanding how 

cognitive resources are managed during the process of learning and task execution. This theory is predicated on the 

notion that human working memory has a finite capacity, and cognitive load pertains to the amount of mental effort 

expended within this capacity. This theory is instrumental in various fields, particularly in instructional design, with 

the objective of optimizing cognitive load to enhance learning and performance (van Nooijen et al., 2024). In the 

realm of consumer decision-making, cognitive load theory offers profound insights into how different types of 

cognitive load influence consumer behavior (Kaushik et al., 2018). Consumers often encounter a plethora of 

information when navigating e-commerce platforms, from product descriptions and reviews to promotional content 

and user interfaces (Zhang et al., 2024). The cognitive effort required to process this information can significantly 

affect their decision-making processes (Dong et al., 2022). Cognitive load directly impacts consumer satisfaction and 

trust. High intrinsic or extraneous cognitive load can lead to cognitive overload, causing frustration and dissatisfaction. 

On the other hand, platforms that manage cognitive load effectively by simplifying navigation and providing clear 
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information can enhance user satisfaction (Hu et al., 2017). When consumers find a platform easy to use and 

informative, their trust in the platform increases, positively influencing their intention to repurchase and recommend 

the platform to others. Cognitive load theory provides a comprehensive framework for understanding the cognitive 

processes involved in consumer decision-making. By focusing on the distribution of cognitive resources, cognitive 

load theory helps elucidate how different types of cognitive load influence consumer behavior. This theory is highly 

relevant for optimizing e-commerce platforms, as it guides the design of interfaces and information presentation to 

enhance user experience, satisfaction, and decision quality. 

2.2. Intrinsic Cognitive Load of Platform Language 

Intrinsic cognitive load refers to the mental effort required to process and understand the information inherent to 

the task itself. In the context of online shopping, this involves interpreting product descriptions, comparing features, 

and making informed purchase decisions (Alnawas et al., 2023). When consumers interact with a platform in their 

native language, the cognitive processes involved in decoding and comprehending the information are more fluent 

and efficient. The familiarity with vocabulary, syntax, and cultural references reduces the cognitive burden, allowing 

consumers to focus more on the task of evaluating products rather than deciphering the language (Sun et al., 2024). 

Conversely, using a secondary language introduces an additional layer of complexity (Loewen, 2020). Consumers 

must not only understand the product information but also translate and interpret it, which increases cognitive load. 

This added mental effort can lead to fatigue, frustration, and a decreased ability to make informed decisions. 

Furthermore, language familiarity impacts the ease with which consumers can navigate the platform, interpret reviews, 

and understand customer support interactions (Miozzo et al., 2020). When these elements are presented in a secondary 

language, the increased intrinsic cognitive load can detract from the shopping experience, making it more cumbersome 

and less enjoyable. Cognitive load theory suggests that when individuals face high intrinsic cognitive load, their 

overall task performance and satisfaction decrease (Li et al., 2024). In the context of e-commerce, this means that a 

higher cognitive load can negatively impact the consumer’s ability to process information efficiently, make decisions 

confidently, and ultimately feel satisfied with their shopping experience. When consumers encounter a high intrinsic 

cognitive load, they are likely to feel overwhelmed and fatigued, which can reduce their overall satisfaction with the 

platform. This negative experience can diminish their trust in the platform’s usability and reliability, leading to a lower 

likelihood of returning for future purchases. The influence of cognitive load on repurchase intention is critical for e-

commerce platforms aiming to retain customers (Fan et al., 2020). If a platform is perceived as easy to use and 

navigate, with clear and understandable information, consumers are more likely to develop a positive attitude towards 

it. This positive perception not only encourages repeat purchases but also fosters long-term loyalty. Based on these 

we hypothesize that: 

H1: Consumers experience lower intrinsic cognitive load when shopping on platforms in their native language 

compared to platforms in a secondary language. 

H2: Higher intrinsic cognitive load negatively impacts consumer satisfaction on e-commerce platforms. 

H3: Higher intrinsic cognitive load negatively impacts consumer repurchase intentions on e-commerce platforms. 

2.3. Extraneous Cognitive Load of Platform Language 

Extraneous cognitive load refers to the mental effort imposed by the way information is presented and the structure 

of tasks, rather than the complexity of the information itself (Novak et al., 2023). In the context of online shopping, 

this involves ease of navigation, clarity of instructions, and overall user interface design. When consumers use a 

platform in their native language, they are likely to find the navigation and information presentation more intuitive 

and less taxing. The familiar linguistic cues and cultural references contribute to a smoother user experience, reducing 

the cognitive effort required to understand and interact with the platform (Kachlicka et al., 2024). On the other hand, 

when consumers engage with a platform in a secondary language, they often face additional cognitive challenges. 

These include difficulties in understanding navigation labels, interpreting instructions, and comprehending contextual 

nuances, all of which increase the extraneous cognitive load. The structure and presentation of information in a 

secondary language can create barriers that distract from the primary task of shopping. For example, consumers may 

struggle with translating terms, understanding idiomatic expressions, or deciphering complex sentence structures. 

These challenges force consumers to allocate more cognitive resources to processing the language rather than focusing 

on the shopping task itself (Presbitero, 2020). Extraneous cognitive load, when excessive, can detract significantly 

from the overall user experience (Skulmowski & Xu, 2022). When consumers encounter poorly designed interfaces, 

confusing navigation, and unclear instructions, their ability to complete tasks efficiently and effectively is 

compromised. A high extraneous cognitive load leads to increased frustration and dissatisfaction. Consumers who 

experience difficulty navigating a platform or understanding how to use its features are likely to become disenchanted 

with the service. This negative experience can overshadow the actual content or quality of the products being offered, 

leading consumers to form an unfavorable impression of the platform. Consequently, their satisfaction with the 

shopping experience diminishes, which in turn affects their willingness to return to the platform for future purchases. 
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Moreover, high extraneous cognitive load can erode trust in the platform (Weiß & Pfeiffer, 2024). When consumers 

perceive that a platform is difficult to use, they may question its reliability and overall quality. This erosion of trust 

further diminishes their inclination to repurchase. Conversely, a platform that minimizes extraneous cognitive load by 

providing a clear, intuitive, and user-friendly interface enhances the shopping experience, leading to higher 

satisfaction and stronger repurchase intentions. Based on these, we hypothesize that; 

H4: Consumers experience lower extraneous cognitive load when shopping on platforms in their native language 

compared to platforms in a secondary language. 

H5: Higher extraneous cognitive load negatively impacts consumer satisfaction on e-commerce platforms. 

H6: Higher extraneous cognitive load negatively impacts consumer repurchase intentions on e-commerce platforms. 

2.4. Germane Cognitive Load of Platform Language 

Germane cognitive load refers to the mental effort devoted to processing, constructing, and automating schemas, 

in other words, the effort directed toward understanding and integrating information meaningfully (Greenberg & 

Zheng, 2023). When consumers shop on a platform in their native language, they can more easily comprehend detailed 

product information, interpret reviews, and evaluate different options. This deeper understanding and integration of 

information facilitates more meaningful and thoughtful decision-making (Lu et al., 2022). Because the linguistic and 

cultural nuances are clearer in their native language, consumers can engage more deeply with the content, thereby 

increasing their germane cognitive load. On the other hand, shopping on a platform in a secondary language may limit 

the depth of engagement due to language barriers. Consumers might find it harder to fully understand and integrate 

the information, leading to a more superficial processing of content (Hiver et al., 2024). The additional mental effort 

required to translate and interpret the secondary language can detract from the mental resources available for 

meaningful engagement with the material. When consumers invest mental effort in understanding and integrating 

product information, they are more likely to make well-informed decisions that align with their needs and preferences 

(Bastos, 2020). This thorough engagement can lead to higher satisfaction with the shopping process, as consumers 

feel confident and reassured about their choices. A platform that facilitates such deep cognitive processing fosters a 

sense of accomplishment and trust, enhancing overall user satisfaction. Moreover, a higher germane cognitive load 

can reinforce positive perceptions of the platform’s reliability and quality. When consumers feel that they have 

effectively understood and utilized the information provided, they are more likely to trust the platform and view it as 

a valuable resource for future purchases. This increased trust and satisfaction translate into stronger repurchase 

intentions, as consumers are more likely to return to a platform that they perceive as helpful and reliable. We therefore 

hypothesize that:  

H7: Consumers experience a higher germane cognitive load when shopping on platforms in their native language 

compared to platforms in a secondary language. 

H8: Higher germane cognitive load positively impacts consumer satisfaction on e-commerce platforms. 

H9: Higher germane cognitive load positively impacts consumer repurchase intentions on e-commerce platforms. 

2.5.  Consumer Repurchase Intention  

Constant purchase intention, which reflects consumers’ identification, contentment, and commitment to a product 

or platform, is the subjective regularity with which they want to keep buying goods from the same vendor (Chiu et al., 

2014). Due to their prior purchasing experience, customers who stick with a platform have a greater comprehension 

and significant assessment of the product information offered, which sets them apart from prospective customers (Kim 

& Gupta, 2009). Through this process, consumers will recognize the high value of the platform or product, better 

understand the platform activities, and build lasting impressions following their initial purchase, increasing their 

satisfaction and intentions to remain loyal (Lee & Charles, 2021). Consumers’ continuous intent to buy on an e-

commerce platform indicates the platform’s potential for profit and long-term competitive advantages, and it is crucial 

for the survival and growth of enterprises from an economic and practical standpoint (Ou et al., 2014). The results 

from prior research on consumer repurchase intention (Nugroho & Wang, 2024) highlight its importance in the 

consumer behaviour literature. 

H10: We expect a higher repurchase intentions when consumers use a platform in their native language compared to 

platforms in a secondary language. 

H11: Consumer satisfaction with the platform language has a significant positive influence on repurchase intentions. 
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Figure 1: Conceptual framework 

 

3. Methodology 
3.1. Study 1  

3.1.1 Overview 

This study aims to measure the difference in consumer cognitive load between consumers using a platform in 

their native language compared to those using a platform in a secondary language. A between-subject laboratory 

experiment with two groups of participants, each consisting of 102 individuals was conducted for this study. The task 

involved a price comparison activity using two different e-commerce platforms: Taobao for the native language group 

and Amazon for the secondary language group. Group 1 consists of 102 participants who are native Chinese speakers 

and used Taobao, presented in Chinese, and Group 2, 102 participants who are native Chinese speakers but will use 

Amazon in English, a secondary language. Participants in group two were restricted to using an English keyboard 

without the option to switch to Chinese. The study used a randomization process to assign participants to either Group 

1 or Group 2. This helps control for potential biases and ensures that the groups are comparable in terms of relevant 

characteristics. 

Participants were instructed to perform a standardized price comparison task. They searched for a specific 

product, in this case, a smartphone model, on their assigned platform, selected three different products from the search 

results, compared their features, prices, and customer reviews, and decided on which product they would purchase, 

explaining their reasoning. Participants were first briefed on the study’s purpose, ensuring they understood that the 

experiment was for academic purposes with no competitive element. Informed consent was obtained from all 

participants. Clear and standardized instructions were given to both groups on how to perform the price comparison 

task, ensuring that both groups understood the specific product they needed to search for and the criteria for 

comparison (features, price, customer reviews). Participants performed the task in a controlled laboratory setting to 

minimize external variables. After completing the task, participants were sent a questionnaire containing the adapted 

Cognitive Load Questionnaire and other relevant questions. The questionnaire assessed intrinsic, extraneous, and 

germane cognitive load. Of the 204 participants, 124 (60.7%) were males while the remaining 80 (39.3%) were 

females. The majority of the participants 117 (57.4%) were below 25 years, 69 (33.8) were between 25 to 35 years 

and the remaining 18 (8.8%) were above the age of 35. Of the 204 participants, 83 (40.7) were from the eastern part 

of China, 77 (37.9) were from the western part 30 (14.7%) were from the southern part and the remaining 14 (6.9%) 

were from the northern part.    

3.1.2 Validation and Manipulation Checks 

To ensure the validity and reliability of Study 1, several validation and manipulation checks were implemented 

throughout the experimental process. First, a pilot test was conducted with a small group of participants (12 

participants from each group). The purpose of the test was to identify any potential issues with the tasks and 

instructions and to ensure that the tasks were equally challenging across both language versions. The participants were 

made to go through the same procedures as the main study participants. In addition, performance metrics such as time 
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taken to complete tasks and the accuracy of comparisons were also analyzed in the pilot stage. Based on the pilot test 

results, the tasks and instructions were refined to address any identified issues, ensuring they were equally challenging 

and clear in both language conditions. 

Further, the study measured participants’ proficiency in English for Group 2 using self-reported proficiency levels 

on a Likert scale (1 = Very Poor, 7 = Native-like). This step is crucial to control for varying levels of secondary 

language skills, which could influence the results. This was done to ensure that the participants had a sufficient level 

of English proficiency to complete the tasks and excluded participants with very low proficiency. Additionally, the 

study verified that participants are familiar with the type of tasks they will perform. This was done through a pre-study 

questionnaire assessing the participant’s experience with online shopping and price comparison activities. This was 

necessary to ensure that any cognitive load differences were due to language and not task unfamiliarity. There were 

no significant differences in task familiarity. After completing the experiment, a debriefing session was conducted 

where participants discussed their experiences. The objective of this was to gather qualitative feedback on the 

participants’ experience and validate the quantitative data. This was done through open-ended questions. Feedback 

was collected on perceived task difficulty, clarity of instructions, ease of navigation, and any challenges faced. Insights 

gained from the debriefing were used to validate and ensure that participants’ subjective experiences aligned with the 

measured cognitive load and performance metrics. 

3.2 Study 2  

3.2.1 Overview 

In study 2, we aimed to assess the impact of language familiarity on cognitive load and consumer behaviour by 

comparing user satisfaction and repurchase intentions on an e-commerce platform in both English and Chinese. The 

study conducted a within-subject laboratory experiment involving participants from a large university. The subject 

experiment was used for study 2 to take care of any biases in study 1 and also serve as a robustness check.  The 

experiment was conducted in a computer lab equipped with internet-connected computers. Each participant was 

required to engage with the platform in two phases. In the first phase, participants accessed the English version of the 

platform and were shown images of three products, each labeled in English. They were instructed to search for these 

products on the platform, attempt to purchase them, and add them to their shopping cart. This task had to be completed 

within a stipulated time, followed by filling out an electronic questionnaire assessing their cognitive load, overall 

satisfaction, and willingness to reuse the platform. The second phase mirrored the first, but with the platform language 

switched to Chinese, and product names and descriptions were also presented in Chinese. Participants repeated the 

search and attempted purchase tasks before completing the same questionnaire. Each participant received an academic 

card stamp upon completion of the experiment as a token of appreciation for their participation. A total of 124 

respondents consisting of 71 (57.3%) males and 53 (42.7%) females were involved in this study. Of this total, 56 

(45.2%) were below the age of 25, an additional 61 (49.2) participants were between the ages 25 and 35 years and the 

remaining 7 (5.6%) were above 35 years. Of these, 48 were from the western part of China, 51 were from the eastern 

part, 21 were from the southern part and the remaining 4 were from the northern part. 

3.2.2 Validation and Manipulations Check 

In study 2, various validations and manipulations were implemented to ensure the reliability and accuracy of the 

results. First, the study conducted a pilot test with a small group of participants to ensure the tasks were clear and 

appropriately challenging in both language conditions. This step will help identify any issues with task instructions, 

the platform interface, or the questionnaire items. The study also verified that the instructions for both phases are 

equally clear and understandable through the pilot test and by collecting feedback on the clarity of the instructions. 

Instructions were adjusted based on the ambiguities or difficulties reported. Second, the study implemented the 

counterbalancing approach to control for order effects by randomly assigning half of the participants to start with the 

English version of the platform and the other half to start with the Chinese version. This helps ensure that any observed 

effects are not due to the order in which the tasks are completed. After completing the experiment, a debriefing session 

was conducted where participants discussed their experiences.  

3.3 Study 3 

3.3.1 Overview 

The third study aims to build and analyze a Structural Equation Model (SEM) to estimate the relationship between 

consumer perception of platform language measured by the three types of cognitive loads (intrinsic, extraneous, and 

germane), consumer satisfaction, and consumer repurchase intention. This study collected survey data from 

international consumers who use Chinese shopping platforms. To ensure that the participants were truly international 

consumers, we first distributed the survey exclusively to WeChat groups specific to each country. Additionally, the 

survey included a section where respondents were asked to indicate their nationality. This allowed us to verify that 

the sample consisted of international consumers, regardless of their current location within China (North, South, East, 

or West). The SEM analysis will use data on consumer perception of platform language, as measured by intrinsic 
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cognitive load, extraneous cognitive load, germane cognitive load, consumer satisfaction, and repurchase intention. 

The survey participants represented different educational levels (undergraduates, masters, and doctoral students), 

further contributing to the diversity of the sample. Data were expected to be collected based on a 20:1 ratio, i.e., 20 

participants per measured item (Jackson, 2003). Out of the 330 valid respondents, there were 167 (50.6%) and 163 

(49.4%) male and female students, respectively. Further, 122 (37.0%) of the respondents were from the eastern part 

of China, 85 (25.8%) from the western part, 72 (21.8%) from the northern part, and 51 (14.8%) from the southern 

part. The study consisted of 133 consumers with undergraduate certificates (40.3%), 102 consumers with master 

certificates (30.9%), and 95 consumers with doctoral certificates (28.8%). Furthermore, 167 out of the total 

respondents were under 25 years of age, 118 were in the range of 25 and 35 years of age, and the remaining (45) were 

north of 35 years of age. 

3.3.2 Control Variables 

In line with the recommendations put forth by Shiau et al. (2024), our research has been carefully designed to 

include a series of control variables that are both informed by previous studies and grounded in theoretical 

considerations. These variables are organized into two primary categories: demographic characteristics and online 

shopping experience. Within the demographic category, we have identified four key variables: gender, age, 

educational level, and geographical region. Each of these has been selected due to its proven significance in the realm 

of consumer behaviour research. Gender, as detailed by Yi et al. (2024) plays a critical role in understanding consumer 

preferences and behaviours. Age, as discussed by Intani and Rojuaniah (2024) is crucial for insights into consumer 

repurchase intentions. Additionally, educational level is acknowledged for its role in explaining consumers’ continued 

usage intentions (Liao et al., 2022). Lastly, the inclusion of geographical regions allows for an analysis of locational 

variances in consumer habits and preferences. The second category focuses on the consumer’s online shopping 

experience, operationalized through the metric of the number of years the consumer has engaged in online shopping 

activities and the online platforms the consumer mostly uses. This variable is incorporated based on findings from 

Tarabieh et al. (2024). These control variables are integrated into our study to ensure a comprehensive understanding 

of the factors influencing consumer behavior, enriching our analysis by accounting for potential confounding 

influences. 

3.3.3 Measures 

In keeping with previous research, e.g., Lai et al. (2014), a five-point Likert scale from 1 (strongly disagree) to 5 

(strongly agree) was utilized to assess each item. The items were obtained from earlier investigations and refined to 

suit the objectives of this study. Appendix 1 gives details of the questionnaire items and the literature they were 

obtained from. A four-item scale derived from the studies by Khalifa and Liu (2007) and Bhattacherjee (2001) was 

used to measure consumer repurchase intention. A four-item scale about consumer satisfaction with a platform was 

adapted from the study by Flavián et al. (2006). Cognitive load measurements will include intrinsic cognitive load, 

assessed through questions evaluating the inherent difficulty of understanding the platform content; extraneous 

cognitive load, assessed through questions on the complexity of navigation and presentation of information on the 

platform; and germane cognitive load, assessed through questions on the effort required to process and integrate 

information from the platform (DeLeeuw & Mayer, 2008). 

Table 1 gives a summary statistic of the items used in the study. Before beginning data analysis, we rigorously 

evaluated several key assumptions inherent to multivariate analysis. These assumptions included tests for linearity, 

normality, and multicollinearity, as well as ensuring the adequacy of the sample size. To assess linearity, we employed 

the curve estimation approach in regression analysis. Our findings revealed that the F-values, indicating linear 

correlations, were not only significant but also surpassed those of cubic, quadratic, inverse, and logarithmic 

relationships for all examined variables, as detailed in the work of Joshi & Yadav (2018a). The skewness values as 

shown in Table 2 were between -1 and 1 and kurtosis values were between -2 and 2 indicating our data is normally 

distributed (George & Mallery, 2019). Given the extensive size of the population, a sample of 330 is deemed suitable 

for conducting structural equation modeling, ensuring a 95% confidence level and a margin of error of 5%. This 

approach aligns with the guidelines suggested by Erkan and Evans (2016). 
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Table 1. Mean, standard deviation, skewness, and kurtosis of constructs 

 Mean Std. Deviation Skewness Kurtosis 

Intrinsic Load (INLD) 

INLD1 2.78 1.150 .025 2.767 

INLD2 3.48 1.203 -.520 -2.513 

INLD3 3.04 1.195 -.113 -1.810 

INLD4 2.90 1.067 -.183 2.442 

Extraneous Load (EXLD) 

EXLD1 3.18 1.037 -.311 2.157 

EXLD2 3.78 .938 -.469 3.065 

EXLD3 3.81 .969 -.577 3.011 

EXLD4 3.73 .953 -.506 3.102 

Germane Load (GELD)     

GELD1 3.02 1.003 -.131 2.157 

GELD2 3.17 .831 -.609 3.119 

GELD3 3.55 .760 -.172 3.211 

GELD4 3.39 .453 -.440 2.502 

Consumer Satisfaction with Platform (CSwP) 

CSwP1 3.04 1.145 -.157 -1.550 

CSwP2 3.03 1.125 -.298 2.478 

CSwP3 3.33 1.131 -.334 -2.505 

CSwP4 3.32 1.088 -.288 3.428 

Consumer Repurchase Intention (CRPI) 

CRPI1 3.71 .980 -.325 2.476 

CRPI2 3.85 .935 -.485 3.212 

CRPI3 3.85 .927 -.363 3.450 

CRPI4 3.64 1.016 -.479 3.066 

Consumer Experience 2.06 1.108 .454 -1.260 

 
3.3.4 Measurement Model Results 

Three data analysis software were utilized in this study. SPSS 22.0 was utilized for information entry and 

validation, AMOS version 22.0 was utilized for data investigation and STATA17 MP was used for the ANCOVA 

comparison. The study implemented the confirmatory factor analysis to find construct validity and reliability. The 

Kaiser-Meyer-Olkin (KMO) test was 0.902, showing that the information is sufficient for additional investigation. 

Bartlett’s test was also significant at the 0.01 significance level (see Table 3). The final measurement model fits the 

data well according to Joshi and Yadav (2021). The obtained values are within the specification limits and demonstrate 

a satisfactory fit for the hypothesized model with the data. Table 2 presents the model fit indices for the structural 

model.  

 

Table 2. Model fit indices (Structural model) 

Indices Prescribed range Study 1 Study 2 Study 3 

CFI Approaches 1 0.967 0.952 0.972 

GFI Approaches 1 0.958 0.944 0.966 

AGFI Approaches 1 0.943 0.953 0.918 

NFI Approaches 1 0.951 0.951 0.964 

RMSEA <.10 0.048 0.029 0.030 
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We considered the composite reliability score and Cronbach’s alpha value to evaluate the scale’s internal 

reliability. According to Royal and Hecker (2016), the values of both indices must exceed 0.7. All the results obtained 

for the composite reliability and the Cronbach alpha exceeded the minimum suggested level of 0.7. Convergent and 

discriminant validity were used to test the validity of constructs. The standardized loadings and the average variance 

explained (AVE) were used to explain the validity of the constructs. The minimum and maximum values of the item 

loadings of each variable met the minimum threshold value of 0.7, and the AVE values were higher than 0.5, which 

indicated an adequate internal consistency (Fornell & Larcker, 1981) (see Tables 4, 5, and 6). Discriminant validity 

was examined by contrasting each construct’s AVE with the variance of every other variable and the construct (Gefen 

et al., 2000). The findings show the construct’s variance was higher when compared to that of its items than when 

compared to that of other constructs, proving its discriminant validity (see Table 7). 

 

 

Table 3. KMO and Bartlett’s Test 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. .902 

Bartlett's Test of Sphericity Approx. Chi-Square 3501.333 

Df 120 

Sig. .000 

 

Table 4. Results of the measurement model for study 1 

Factor Items Loadings 𝛼 CR AVE 

Intrinsic Load INLD1 0.861 0.823 0.901 0.696 

INLD2 0.751    

INLD3 0.848    

INLD4 0.871    

Extraneous Load EXLD1 0.781 0.842 0.913 0.724 

EXLD2 0.887    

EXLD3 0.904    

EXLD4 0.828    

Germane Load GELD1 0.880 0.834 0.910 0.713 

GELD2 0.814    

GELD3 0.797    

GELD4 0.862    

Consumer Satisfaction 

with Platform 

CSwP1 0.829 0.878 0.917 0.733 

CSwP2 0.892    

CSwP3 0.879    

CSwP4 0.824    

Consumer Repurchase 

Intention 

CRPI1 0.898 0.920 0.945 0.810 

CRPI2 0.930    

CRPI3 0.925    

CRPI4 0.847    

OVERALL   0.918   

 

  



Journal of Electronic Commerce Research, VOL 26, NO 1, 2025 

 Page 59 

Table 5. Results of the measurement model for study 2 

Factor Items Loadings 𝛼 CR AVE 

Intrinsic Load INLD1 0.843 0.823 0.916 0.731 

INLD2 0.820    

INLD3 0.871    

INLD4 0.884    

Extraneous Load EXLD1 0.821 0.842 0.921 0.745 

EXLD2 0.804    

EXLD3 0.904    

EXLD4 0.918    

Germane Load GELD1 0.907 0.904 0.937 0.799 

 GELD2 0.876    

 GELD3 0.892    

 GELD4 0.885    

Consumer Satisfaction 

with Platform 

CSwP1 0.866 0.878 0.923 0.752 

CSwP2 0.792    

CSwP3 0.959    

CSwP4 0.843    

Consumer Repurchase 

Intention 

CRPI1 0.898 0.920 0.945 0.810 

CRPI2 0.929    

CRPI3 0.911    

CRPI4 0.863    

OVERALL   0.906   

 

Table 6. Results of the measurement model for study 3 

Factor Item Loading 𝛼 CR AVE 

Intrinsic Load INLD1 0.876 0.916 0.896 0.741 

INLD2 0.894    

INLD3 0.811    

INLD4 0.832    

Extraneous 

Load 

EXLD1 0.814 0.890 0.835 0.629 

EXLD2 0.791    

EXLD3 0.773    

EXLD4 0.811    

Germane Load 

 

GELD1 0.748 0.806 0.796 0.566 

GELD2 0.693    

GELD3 0.811    

GELD4 0.805    

Consumer 

Satisfaction 

with Platform 

CSwP1 0.839 0.791 0.849 0.655 

CSwP2 0.876    

CSwP3 0.702    

CSwP4 0.882    

Consumer 

Repurchase 

Intention 

CRPI1 0.839 0.862 0.888 0.665 

CRPI2 0.838    

CRPI3 0.787    
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CRPI4 0.796    

Overall   0.899   

 

3.3.5 Testing for Common Method Bias 

Harman’s one-factor test was conducted to check the chances of common method bias (CMB). The value must 

not exceed 50% so that one component does not emerge as the main factor and explains the majority of the variance. 

The exploratory factor analysis (EFA) revealed that the major factors explained 73.87% of the variation in the data, 

and the initial factor explained 34.6% of the variance. CMB was, therefore, unlikely to be a problem in the data 

gathered for the study. Further, as represented in Table 7, the correlation coefficient indicates no significant correlation 

(>0.5) between any two factors. This is also proof of no CMB in our model. 

 

Table 7. Correlation Matrix and Discriminant Validity 

 Mean SD INLD EXLD GELD SAT RPI 

Correlation INLD 3.049 .910 .834     

EXLD 3.628 .803 .448 .851    

GELD 3.549 .902 .307 .411 .884   

CSwP 3.18 .960 .432 .487 .352 .856  

CRPI 3.76 .867 .400 .329 .428 .417 .900 

** bold items represent the square root of the AVE, INLD = Intrinsic Load, EXLD = Extraneous Load, GELD = 

Germane Load, CSwP = Consumer Satisfaction with Platform, CRPI = Consumer Repurchase Intention. 

 

4. Results 

4.1 Study 1 

In study 1, a between-subject ANOVA was conducted to examine the difference in cognitive loading and 

repurchase intentions among consumers when they use a platform in their native language compared to consumers 

using the platform in a secondary language. The results (see Table 8) indicated that consumers using the platform in 

a secondary language reported higher mean intrinsic cognitive load (M = 3.863, SD = 1.020) compared to consumers 

using the platform in their native language (M = 2.921, SD = 0.877, f (203) = 5.806, p < 0.001). Also, the results 

indicated that consumers using the platform in a secondary language exhibited a higher mean extraneous cognitive 

loading (M = 3.667, SD = 1.004) compared to consumers using the platform in their native language (M = 2.220, SD 

= 0.649, f (203) = 6.551, p < 0.001). However, the study results indicate that consumers exhibited a lower mean 

germane cognitive loading when using the platform in a secondary language (M = 2.773, SD = 0.955) compared to 

consumers using the platform in a native language (M = 3.102, SD = 0.910, f (203) = 3.426, p < 0.001). Also, on the 

consumer intentions to repurchase from the platform, the results from the study indicated that consumers shopping 

from the platform in a native language reported a significantly higher mean intention to repurchase from the platform 

(M = 4.016, SD = 1.217) compared to consumers using the platform in a secondary language (M = 2.669, SD = 0.881, 

f (203) =13.269, p < 0.001). 

 

Table 8. ANOVA results for between-subject analysis in Study 1 

Cognitive Load  N Mean SD Mean Diff. f-value 

Intrinsic Load  Native 102 2.921 0.877 0.942 5.806 

Secondary 102 3.863 1.020   

Extraneous Load Native 102 2.220 0.649 1.447 6.551 

Secondary 102 3.667 1.004   

Germane Load Native 102 3.102 0.910 0.329 3.426 

Secondary 102 2.773 0.955   

Consumer Repurchase 

Intentions 

Native  102 4.016 1.217 1.347 13.269 

Secondary 102 2.669 0.887   
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4.2 Study 2 

In study 2, we used a within-subject experiment to examine the difference in cognitive loads when consumers use 

a shopping platform first in a secondary language and then afterward in a primary language. From study 2, consumers 

reported high mean intrinsic cognitive load when they used the platform in a secondary language (M = 3.201, SD = 

0.801) compared to when they used the platform in their native language (M = 2.225, SD = 0.887, f (123) = 7.349, p 

< 0.001). Also, there was a significantly higher mean extraneous cognitive load when consumers used the platform in 

a second language (M = 3.778, SD = 0.904) compared to when they used the same platform in their native language 

(M = 2.593, SD = 0.806, f (123) = 9.014, p < 0.001). Further, consumers showed a low germane cognitive load when 

they used the platform in a secondary language (M = 2.668, SD = 1.155) compared to when they used the same 

platform in their native language (M = 3.109, SD = 1.004, f (123) = 4.330, p < 0.001). Additionally, study 2 measured 

the difference in consumer satisfaction and repurchase intentions when they used the platforms. Consumers reported 

higher mean satisfaction level when they used the platform in their native language (M = 3.741, 0.793) compared to 

when they used the platform in a secondary language (M = 3.011, SD = 0.510, f (123) = 4.806, p < 0.001). Consumers 

also reported higher mean repurchase intentions when using the platform in their native language (M = 3.869, SD = 

0.608) compared to when using the platform in a secondary language (M = 2.550, SD = 0.929, f (123) = 13.225, p < 

0.001). The results obtained from Study 2 were consistent with that from Study 1 ensuring that our findings are robust 

(see Table 9).  

 

Table 9. ANOVA results for within subject analysis in study 2 

Cognitive Load  N Mean SD Mean Diff. f-value 

Intrinsic Load  Native 124 2.225 0.887 0.976 7.349 

Secondary 124 3.201 0.801   

Extraneous Load Native 124 2.593 0.904 1.185 9.014 

Secondary 124 3.778 0.806   

Germane Load Native 124 3.109 1.004 0.441 4.330 

Secondary 124 2.668 1.155   

Consumer Satisfaction with 

Platform 

Native 124 3.741 0.793 0.730 4.806 

Secondary 124 3.011 0.510   

Consumer Repurchase 

Intentions 

Native  124 3.869 0.608 1.319 13.225 

Secondary 124 2.550 0.929   

 

4.3 Study 3 

The study tested the main effect model by estimating the relationship between the explanatory variable (i.e. 

cognitive loads) and the explained variable (i.e., consumer repurchase intention) through structural equation model 

(SEM) analysis in AMOS. The results reveal credible fit statistics, with 𝜒2/19 = 2.386, CFI = .983, GFI =
.964, NSI = .971 and RMSEA = .005. The mediation model analysis was obtained using a stepwise regression 

developed by Baron and Kenny (1986). First, the study reported the direct relationship between the explanatory and 

explained variables. The study proceeded to estimate the indirect relationship between them using a bootstrapping of 

5000 samples. The result indicates that intrinsic cognitive load negatively influences consumer satisfaction with a 

platform (𝛽 = −.319, 𝑝 < .000) and consumer repurchase intentions (𝛽 = −.541, 𝑝 < .001).  Further, extraneous 

cognitive load also negatively influences consumer satisfaction with the platform (𝛽 = −.190, 𝑝 < .000)  and 

consumer intentions to repurchase from the platform (𝛽 = −.491, 𝑝 < .000). However, the germane cognitive load 

has a significant positive effect on consumer effect on both consumer satisfaction with the platform (𝛽 = .340, 𝑝 <
.000) and consumer intentions to repurchase from the platform (𝛽 = .471, 𝑝 < .000). Additional results indicate that 

consumer satisfaction with the platform has a significant positive influence on consumer decisions to repurchase from 

the platform (𝛽 = .422, 𝑝 < .000). Detailed analysis of the standard regression, with their corresponding standard 

errors, t-values, and corresponding significance for each relationship, are presented in Table 10. 
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Table 10. Regression weights 

Direct Effects Estimate S.E. C.R. p 

INLD → CRPI -0.541 .090 -6.005 *** 

INLD → CSwP -0.319 .109 -7.447 *** 

EXLD → CRPI -0.491 .094 -5.188 *** 

EXLD → CSwP -0.190 .060 -3.248 .001 

GELD → CRPI 0.471 .059 7.835 *** 

GELD → CSwP 0.340 .067 5.148 *** 

CSwP → CRPI 0.422 .024 8.209 *** 

Indirect Effects Estimate LL UL p 

INLD → CSwP → CRPI -0.134 -.198 -.075 *** 

EXLD → CSwP → CRPI -0.080 -.102 .015.  

GELD → CSwP → CRPI 0.143 .056 .194 *** 

Note: INLD = Intrinsic Load, EXLD = Extraneous Load, GELD = Germane Load, CSwP = Consumer Satisfaction 

with Platform, CRPI = Consumer Repurchase Intention 

 

4.4 Post hoc Analysis 

The study conducted a series of post hoc tests to ascertain the validity and robustness of our research results in 

Study 3.  

Sensitivity test:  In our study, we included five control variables to enrich our analysis. To assess the impact of 

these variables on our findings, we conducted a sensitivity analysis by excluding them and rerunning our model. The 

outcomes of this test revealed no significant changes in comparison to the original model where the control variables 

were included. Specifically, the direction and significance levels of all variables remained consistent, indicating that 

the inclusion of our control variables did not alter the effect direction of our main variables. This result highlights the 

robustness of our findings, demonstrating that our conclusions are not contingent on the presence of these control 

variables. 

Reverse Causality: Addressing the potential issue of reverse causality, we posited that consumer satisfaction and 

consumer repurchase intentions do not significantly influence the consumer cognitive load. To empirically test this 

hypothesis, we reversed all pathways in our model and conducted an additional regression analysis. The findings from 

this test presented a markedly low model fit index (𝜒2(98) = 9.31, 𝑝 = .107, CFI = .711, GFI = .602, AGFI = .573 

and RMSEA = .14), indicating that our model does not suffer from reverse causality issues. This outcome supports 

our argument that it is indeed our independent variable that significantly influences consumer satisfaction and their 

subsequent repurchase intentions, rather than the other way around. This analysis further validates the directional 

accuracy of our model and reinforces the credibility of our conclusions. 

 

5. Discussion 

Running an e-commerce platform is a complex and competitive business where platforms must always find ways 

to meet consumer needs. Several factors come into play in ensuring platforms meet online consumer needs (Azadeh 

et al., 2018; Lu et al., 2012). These factors may include but are not limited to the quality of the relationship between 

the platform and consumers (Ren et al., 2021), consumer ease of assessing products (Burke, 2013), quality of product 

details provided on the platform (Cui et al., 2024) and success in gaining consumer loyalty (Kim, 2021). However, 

the role of consumers’ platform language perception in shaping their decision-making is under-explored in the context 

of cross-border e-commerce. Based on the cognitive load theory which has been used in recent studies to examine 

consumer behaviour (Li et al., 2024), this research contributes to the existing literature in several ways. First, it adapts 

and extends cognitive load theory to the context of consumer decision-making in multilingual e-commerce 

environments. Second, it offers a comparative analysis of cognitive load differences when consumers use e-commerce 

platforms in their native versus a secondary language. Third, it examines the impact of cognitive load, as influenced 

by language perception, on consumer satisfaction and subsequent purchasing decisions. Understanding these dynamics 

provides valuable insights into consumer behaviour and enhances the theoretical framework of cognitive load in 

relation to e-commerce. By adopting the cognitive load theory framework, this study provides a deeper understanding 

of how language barriers affect consumer cognition, satisfaction, and purchasing behaviour in e-commerce settings. 

This research not only fills a significant gap in the literature but also offers practical implications for enhancing user 

experience on multilingual e-commerce platforms. 
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The results from studies 1 and 2 reveal significant differences in cognitive load, consumer satisfaction, and 

repurchase intentions when consumers use a shopping platform in a secondary language compared to their native 

language. The findings are clear and consistent, indicating the substantial impact of language familiarity on consumer 

experiences (Tan et al., 2024). Consumers reported a higher intrinsic cognitive load when using the platform in a 

secondary language compared to when they used it in their native language. This suggests that the inherent complexity 

of the information is more challenging to understand in a secondary language, requiring greater mental effort to 

process (Tan et al., 2024). When consumers use a platform in a language they are less proficient in, they must devote 

more cognitive resources to decode and comprehend the information. This increased effort reflects a higher intrinsic 

cognitive load, which can be attributed to the additional mental steps involved in translating and understanding the 

secondary language (Choi & Liu, 2024). Similarly, extraneous cognitive load was significantly higher when 

consumers used the platform in a secondary language compared to their native language. Extraneous cognitive load 

is influenced by how information is presented and the structure of tasks (Pannatier & Bétrancourt, 2024). When using 

a platform in a secondary language, consumers may encounter unfamiliar terminology and less intuitive navigation, 

increasing the cognitive effort required to manage these elements (Lu & Qiu, 2024). The higher extraneous load 

suggests that consumers found the interface and instructions more confusing and less user-friendly in a secondary 

language, further complicating their shopping experience. 

Conversely, germane cognitive load was lower when consumers used the platform in a secondary language 

compared to their native language. Germane cognitive load relates to the mental effort dedicated to understanding and 

integrating information meaningfully (Zha et al., 2023). The lower germane cognitive load in a secondary language 

suggests that consumers were less able to engage deeply with the content, likely due to the additional cognitive 

resources needed to simply understand the language. In their native language, consumers could focus more on 

processing and synthesizing information, leading to a higher germane cognitive load and a more thorough engagement 

with the platform (Rohit et al., 2024). Additionally, consumer satisfaction and repurchase intentions were significantly 

higher when using the platform in their native language. Consumers reported higher satisfaction levels compared to 

when using the platform in a secondary language. Similarly, repurchase intentions were stronger when using the 

platform in their native language compared to the secondary language. These findings suggest that the ease and 

efficiency of using a platform in one’s native language lead to greater satisfaction and a stronger intention to return. 

The cognitive ease and positive experience reinforce trust and loyalty, whereas the difficulties encountered in a 

secondary language diminish these positive outcomes. 

The results from the third study indicate that intrinsic cognitive load negatively influences consumer satisfaction 

with the platform and consumer repurchase intentions. This negative influence suggests that the more challenging and 

complex consumers find the platform to understand, the less satisfied they are and the less likely they are to intend to 

use the platform again. High intrinsic cognitive load can lead to cognitive fatigue and frustration, which diminishes 

the overall user experience and reduces the likelihood of repeat usage (Hu et al., 2017). Similarly, extraneous cognitive 

load also negatively influences consumer satisfaction and repurchase intentions. Extraneous cognitive load pertains to 

the unnecessary cognitive effort imposed by poorly designed interfaces and complex navigation. When consumers 

encounter high extraneous cognitive load, they are likely to feel overwhelmed and frustrated, which adversely impacts 

their satisfaction with the platform (Cheng et al., 2020). This dissatisfaction, in turn, reduces their intention to 

repurchase from the platform. The negative impact of both intrinsic and extraneous cognitive loads highlights the 

importance of designing user-friendly interfaces and clear, straightforward information presentation to minimize 

cognitive strain and enhance user experience. 

Inversely, germane cognitive load has a significant positive effect on both consumer satisfaction and repurchase 

intentions. Germane cognitive load is associated with the mental effort dedicated to processing, understanding, and 

integrating information meaningfully. When consumers experience high germane cognitive load, it indicates that they 

are deeply engaged with the content, leading to a more satisfying shopping experience (Cheng et al., 2020). This 

positive engagement enhances their satisfaction with the platform and increases their likelihood of repurchasing. The 

positive effect of germane cognitive load underscores the importance of creating platforms that facilitate meaningful 

engagement and learning, thereby fostering consumer loyalty and repeat usage. Furthermore, the results show that 

consumer satisfaction with the platform has a significant positive influence on their decision to repurchase from the 

platform. This finding reinforces the critical role of consumer satisfaction in driving repurchase intentions (Lee et al., 

2024). When consumers are satisfied with their experience on the platform, they are more likely to develop trust and 

loyalty, which translates into higher repurchase intentions.  

 

6. Theoretical Contribution 

Based on the findings from the study, several theoretical contributions can be suggested. First, the study extends 

the application of cognitive load theory beyond educational settings to the domain of e-commerce. By demonstrating 
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how different types of cognitive loads (intrinsic, extraneous, and germane) affect consumer behavior on online 

shopping platforms, the research broadens the scope of cognitive load theory. It shows that cognitive load not only 

influences learning outcomes but also significantly impacts consumer satisfaction and repurchase intentions. The study 

goes further to provide an enhanced understanding of how intrinsic, extraneous, and germane cognitive loads 

differentially affect consumer experiences. The findings highlight that while intrinsic and extraneous cognitive loads 

negatively impact satisfaction and repurchase intentions, germane cognitive load has a positive influence. This 

differentiation is critical for refining theoretical models of consumer behavior, as it emphasizes the need to consider 

various cognitive processes separately rather than treating cognitive load as a singular construct. 

Again, the research integrates the concept of language familiarity into cognitive load theory, demonstrating that 

using a shopping platform in a secondary language increases intrinsic and extraneous cognitive loads while decreasing 

germane cognitive load. This integration enriches the theoretical framework by incorporating language as a critical 

factor influencing cognitive processing. It suggests that language barriers can significantly alter the cognitive 

dynamics of consumer interactions with digital platforms. 

Further, the study highlights the role of user interface (UI) design in managing cognitive load, particularly within 

multilingual e-commerce environments. Poorly designed interfaces and convoluted navigation structures contribute 

to extraneous cognitive load, which represents an unnecessary mental effort that distracts consumers from meaningful 

engagement with the content. When consumers encounter unfamiliar or poorly organized interfaces, especially in a 

secondary language, they face additional cognitive hurdles, such as deciphering unfamiliar terminology or grappling 

with unintuitive layouts. By intensifying the mental workload required to navigate and interpret the platform, a 

complex interface can lead to cognitive fatigue and frustration, which diminish users’ overall experience and their 

likelihood of returning to the platform. These findings provide substantial theoretical support for the prioritization of 

simplicity, clarity, and linguistic adaptability in UI design, emphasizing that well-structured, intuitive interfaces can 

alleviate extraneous cognitive load. This not only improves usability but also enhances consumer satisfaction and 

loyalty by allowing users to engage with the platform more naturally and effectively.  

 

7. Managerial Implications 

The study offers some managerial implications that can guide e-commerce platforms in enhancing user experience 

and driving consumer loyalty. These implications provide actionable insights for improving platform design, reducing 

cognitive load, and fostering positive consumer behavior. One key implication is the importance of minimizing 

intrinsic cognitive load by ensuring that the information presented on the platform is clear and easily understandable. 

Managers should focus on simplifying product descriptions, using familiar terminology, and providing concise and 

relevant information. This can help consumers process the information more efficiently, reducing cognitive strain and 

enhancing their overall experience. Another critical implication is the need to reduce extraneous cognitive load by 

optimizing the design and navigation of the platform. Ensuring that the user interface is intuitive and straightforward 

can significantly improve usability. This includes organizing information logically, minimizing unnecessary steps in 

the shopping process, and using clear labels and instructions. By making the platform easier to navigate, managers 

can decrease consumer frustration and increase satisfaction. The positive impact of germane cognitive load highlights 

the value of designing platforms that encourage meaningful engagement with the content. Managers should consider 

incorporating features that facilitate deeper cognitive processing, such as detailed product comparisons, interactive 

elements, and personalized recommendations. These features can help consumers make more informed decisions, 

leading to higher satisfaction and stronger repurchase intentions. 

The integration of language familiarity into platform design is another important managerial implication. Given 

that language unfamiliarity was found to significantly increase cognitive load, managers must prioritize making their 

platforms linguistically accessible to users who may not be fluent in the platform’s primary language. One key strategy 

is to offer the platform in multiple languages, particularly those commonly spoken by the target consumers. However, 

this approach requires more than simple translations. Managers should ensure that translations are accurate, culturally 

relevant, and reflective of local language nuances. This may involve engaging native speakers of the target languages 

to review and refine the content, ensuring it resonates with local consumers and avoiding misunderstandings that could 

arise from direct or automated translations. Additionally, content rearrangement based on linguistic and cultural norms 

can help reduce cognitive load. Different cultures may prioritize information differently or prefer certain formats. For 

instance, some cultures may appreciate more visual aids like images and icons to complement text, whereas others 

might prefer detailed written explanations. Managers can consider reorganizing content and navigation to reflect these 

preferences, which would make the platform more intuitive and user-friendly for diverse language speakers. This 

might include modifying payment systems, color schemes, or even how product categories are displayed, in ways that 

reflect the cultural preferences of different regions. Such adjustments can ease cognitive processing by providing a 

more intuitive shopping experience that aligns with users’ expectations based on their native language and cultural 
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background. Providing additional images, visual instructions, and icons can also help convey meaning where language 

might be a barrier, reducing the cognitive effort required to interpret the information. 

Another crucial step is to integrate native speakers into the platform’s quality control processes. This can help 

identify and address any unnatural phrasing or unclear instructions that could confuse non-native users. Native 

speakers can serve as a bridge, ensuring that the language used is not only grammatically correct but also culturally 

appropriate, minimizing the risk of miscommunication and increasing the platform’s overall accessibility. Moreover, 

localizing the platform’s design to account for region-specific customs, idiomatic expressions, and culturally 

significant symbols can enhance comprehension and create a more familiar and welcoming environment for users.  

Additionally, the findings highlight the crucial role of consumer satisfaction in driving repurchase intentions. 

Managers should prioritize delivering a satisfying shopping experience by focusing on key factors that influence 

satisfaction. This involves offering high-quality products, ensuring reliable customer service, and streamlining the 

shopping process to be seamless and efficient. By fostering positive interactions with the platform, managers can build 

consumer trust and encourage repeat purchases. 

 

8. Limitations and Future Research 

Like other studies, this study comes with some limitations. First, the sample was made up of consumers living in 

China, which may explicitly limit its generalizability. Future research may incorporate samples from more countries 

to generalize the effect of consumers’ perception of platform language. Second, consumers’ perception of platform 

language was measured using the cognitive load theory perspective. Further studies can examine the language barriers 

to consumer decision-making from a different perspective. Third, the analysis of Study 1 is based on consumers’ use 

of two different e-commerce platforms (Taobao and Amazon), which may have introduced design-related variables 

that affected cognitive load beyond language differences. Although task standardization helped minimize this impact, 

platform differences remain a potential confounder. Future research should further control platform design by using 

the same platform in multiple languages or identical experimental platforms to better isolate the effects of language 

on cognitive load. 
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 Appendix 1 

Consumer Satisfaction with a Platform (Flavián et al., 2006) 

I assume I settled on the right choice to use this platform 

In general, this platform provides satisfactory product details 

Overall, I’m happy with the way this platform does transactions 

In general, I’m happy with the services I have gotten from this platform 

Consumer Repurchase Intention (Khalifa & Liu, 2007) 

I will return to this shopping site to purchase comparable items later on  

I will consider this platform the best option to purchase comparative items later on 

I will like to keep utilizing this shopping site to buy items  

I will still choose this platform to make purchases even if I have many other choices  

Intrinsic Cognitive Load (DeLeeuw & Mayer, 2008) 

I found it difficult to understand the content on the platform. 

The tasks I had to perform on the platform were complex. 

It was challenging for me to process the information provided on the platform. 

I found it difficult to learn the new information presented on the platform. 

Extraneous Cognitive Load ((DeLeeuw & Mayer, 2008) 

I found the navigation of the platform confusing or unclear. 

The layout of the platform seemed complicated to me. 

The instructions provided on the platform were not clear to me. 

The way information was presented on the platform was distracting. 

Germane Cognitive Load (DeLeeuw & Mayer, 2008) 

I put a lot of effort into understanding the content on the platform. 

I invested a significant amount of mental effort into engaging with the content on the platform. 

I put considerable effort into solving problems or completing tasks on the platform. 

It took a lot of effort to integrate the information from different parts of the platform 
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